
 

 

 
Indicate and Analyze the Reviews for Efficient Product Marketing 

on E-Commerce 

  
Mohammed Abdul Waheed1 & Ibtesaam Sanam* 

1Associate Professor &  *PG Student 

Department of Computer Science & Engg, Visvesvaraya Technological University, 

VTU Centre for PG Studies, Kasnoor road, Kalaburagi, India. 
1dr.mawaheed@gmail.com ,  *sanamibtesaam@gmail.com 

 

 

Abstract: Until making an educated buying decision online reviews have become a 
significant source of information for consumers. Early evaluation of a product appears to 
have a major effect on subsequent sales of the product. In this paper, through their posted 
reviews on two real-world major E-commerce sites, we take the initiative to research the 
behavioral characteristics of early reviewers. In particular, we divide the lifetime of the 
commodity into three consecutive phases, namely early, majority and laggards. A user 
who initially posted a review is considered an early reviewer. Based on their rating 
habits, the helpfulness ratings earned from others and the association of their feedback 
with product popularity, we quantitatively classify early reviewers. 

We proposed here, the product review content is taken into account in terms of a 
contribution isn’t merely a sales message to promote a product you love; instead, a 
balanced product review will indicate the execs and cons of a given product or service, 
serving your readers to find out whether or not it's the right one for them. 

Keywords: Early, Majority, Laggards, review. 
 

1. Introduction 

 

The advent of E-commerce websites allowed users to publish or share shopping 
experiences by posting product reviews that typically contain valuable thoughts, 
comments and feedback about a product. As such, most consumers will read reviews 
online before making an educated buying decision. Around 71 percent of global online 
shoppers read online reviews before buying a product. Product reviews, in particular early 
reviews (i.e. reviews posted at the early stage of a product), have a high impact on the 
subsequent sales of the product. We are calling the users who are posting the early 
feedback early reviewers. Although early reviewers only contribute few reviews, their 
views will decide the success or failure of new products and services. Identifying early 
testers is crucial for companies because their input can help businesses change marketing 
strategies and refine product designs, which will ultimately contribute to the success of 
their new products. Of this reason, early reviewers become the target of tracking and 
attracting a company's early promotional period. The crucial position of early feedback 
has attracted considerable attention from marketing practitioners to induce intention to 
buy consumers. 
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Fig 1. Basic system block diagram 

2. Related Work 

 

Ting Bai, Jian-Yun Nie [1] provided an associate early reviewer tends to assign the next 
average rating score; and an early reviewer tends to post additional useful reviews. Their 
analysis of product reviews as well indicates that early reviewers ratings and their 
received helpfulness scores are to be expected to influence product popularity. In viewing 
review posting procedure as a multiplayer competition game, they need an inclination to 
propose a completely unique margin based embedding model for early reviewer forecast. 
Experimenting on two dissimilar e-commerce datasets has shown that their proposed 
system outperforms a number of competitive baselines.  

Katrela Shubham, Hingole Pramod, Jambharunkar Megha, Prof.Mrs.G.S.Navale 
[2] in this the author works on unsupervised and supervised methodology. They used the 
process which is considerable for computing categorization and identification of 
comments indicated as texts to determine whether a particular commodity or product is 
negative, positive or neutral. Hence this system consists of widening activation to classify 
categories precisely. The system as well as weighs the usefulness of aspect. 

J. McAuley and A. Yang [3] provided an Online audits are often their first port of call 
whereas considering items and buys on the web. Though assessing a potential buy, they 
might have a specific inquiry as a main priority. To answer such inquiries they should 
moreover swim through colossal volumes of buyer audits setting up to discover one that is 
pertinent, or usually suggest their conversation starter straight forwardly to the network by 
suggests that of a Q/A framework. Here they would like to meld these two ideal models: 
given a large volume of beforehand addressed questions about items, they trust to 
consequently become conscious whether an audit of an item is considerable to a given 
question. They define this as a machine learning issue utilizing a blend of specialists 
compose system—here each audit is a professional that gets the chance to vote on the 
reaction to a particular question; all the while they take in an significance capacity with 
the end goal that ‘applicable’ audits are those that vote precisely. At test time this 
scholarly importance work enables them to surface audits that are essential to new 
questions on request. 
 
Julian McAuley, Christopher Targett, Qinfeng (‘Javen’) Shi, Anton van den 
Hengel[4] intrigued here in revealing connections between the appearances of sets of 
items, and especially in displaying the human idea of which objects supplement each 
other and which may be viewed as satisfactory options. They accordingly try to 
demonstrate what is an on a very basic level human idea of the visual connection between 
a couple of articles, as opposed to just displaying the visual similitude between them. 
There has been some enthusiasm generally in displaying the visual style of spots, and 
objects. They, interestingly, are not looking to show the individual appearances of objects, 

Journal of Shanghai Jiaotong University

Volume 16, Issue7, July - 2020

ISSN:1007-1172

https://shjtdxxb-e.cn/   Page No: 405



 

 

yet rather how the presence of one question may impact the attractive visual 
characteristics of another.  

Susan M. Mudambi, David Schuff [5] Claims that customer reviews for a broad range 
of services and products are progressively available online. The author tests and develops 
a model of customer analysis helpfulness. They also consider the significance of their 
findings for the two, practice and theory. Thus, they endeavour a conceptualization in the 
different multiple stages of consumer decision procedure of what adds to the recognized 
helpfulness of an online review. 

 

3. Proposed System 

 

3.1 Frequency Based Itemset Mining: 

 

Regular itemset mining may be a conventional and significant problem in data 
mining. An itemset is recurring if its support is not less than a brink stated by users. 
Conventional regular itemset mining approaches have chiefly thought to be as the crisis of 
mining static operation databases. In the operation data set regular itemsets are the 
itemsets that happen over and over again. To recognize all the regular itemsets in a 
operation dataset is that the objective of Frequent Itemset Mining. Within the finding of 
relationship rules it created as a phase, but has been simplified autonomous of these to 
quite a few other samples. It is confronting to widen scalable methods for mining regular 
itemsets in a huge operation database as there are often a great number of diverse single 
items throughout a distinctive transaction database, and their groupings may form a 
extremely vast number of itemsets.  

 
3.2 Utility Based Itemset Mining: 
 
By considering the circumstance of usage as precised by the user a high utility itemset 

is that the one with utility worth larger than the minimum brink utility. A broad topic that 
wraps all options of economic utility in data mining is identified to be utility-based data 
mining. It includes the work in cost-sensitive education and dynamic learning also work 
on the recognition of rare events of high effectiveness worth by itself. By maintaining this 
in mind, we at this point provide a set of algorithms for mining all sorts of utility and 
frequency based item sets from a trade business deal database which might significantly 
aid in inventory control and sales promotion. Thought of a utility based mining approach 
was provoked by researchers due to the limitations of frequent or rare itemset mining, 
which allows a user to suitably communicate his or her views concerning the convenience 
of itemsets as utility values and then find itemsets with high utility values greater than a 
threshold. Identifying the lively customers of every such kind of itemset mined and rank 
them based on their entire business value can be done by these set of algorithms. This 
could be enormously supportive in developing Customer Relationship Management 
(CRM) processes like campaign management and customer segmentation. In all forms of 
utility factors like profit, significance, subjective interestingness, aesthetic value etc the 
utility based data mining is a recently absorbed research area. This could add economic 
and business utility to existing data mining processes and techniques. An area within 
utility based data mining known as high utility itemset mining is proposed to find out 
itemsets that introduce high utility amongst the itemset. 
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3.3 Correlation Feature Selection: 

Feature choice may be a preprocessing step to machine learning that is constructive in 
diminish dimensionality, detach immaterial data, increasing learning perfection, and 
improving result comprehensibility. Steps of feature choice- A feature of a subset is 
excellent if it is highly correlated among the class but not greatly correlated through other 
features of the class. Steps: a) Subset generation: We have used four classifiers to 
categorize all the characteristics of the data set. Then we have used top 3, 4, and 5 
characteristics for classification. b) Subset evaluation: Each classifier is applied to 
generated subset. c) Stopping criterion: Testing technique continues until 5 characteristics 
of the subset are selected. d) Result validation: We have used 10-fold cross acceptance 
technique for testing each classifier’s accuracy. 

3.4 Classification Techniques: 
 

i) NBTree could be a simple hybrid algorithm with Decision Tree and Naïve-Bayes. In 
this algorithm the simple concept of recursive partitioning of the schemes remains alike 
but here the dissimilarity is that the leaf nodes are naïve Bayes categorizers and cannot 
have nodes predicting a single class. 

ii) Naïve  Bayes- The Naïve Bayes classifier technique is used when dimensionality of 
the inputs is high. This can be an easy algorithm but gives good output than others. We 
are using this to come across the dropout of students by calculating the probability of each 
one input for a predictable state. It trains the weighted training data along with helping 
prevent over fitting. 

iii) Instance-based-k-nearest neighbor- In this technique a new item is separated by 
comparing the memorized data items using a distance measure. For this we need storing 
of a dataset. Matching of items is happened by putting them near to original item. Nearest 
neighbors are often happened by using cross-validation either automatically or manually. 

 

4. Methodology 

 

K-Means Algorithm:  

When the data space X is RD and we’re using Euclidean distance, we are able to 
represent every cluster by the point in data space that is the average of the data assigned to 
it. Since every cluster is portrayed by an average, this approach is called K-Means. The K-
Means procedure is along with the most popular machine learning algorithms, due to its 
simplicity and interpretability.  Pseudocode for K-Means is shown in Algorithm 1. K-
means is an algorithm that loops till it converges to a (locally optimal) solution. Within 
every loop, it creates two types of updates: it loops over the responsibility vectors rn and 
modify them to point to the closest cluster, and it loops over the mean vectors µk and 
transform them to be the mean of the data that presently belong to it. There are K of those 
mean vectors (hence the name of the algorithm) and you can assume them as “prototypes” 
that describe each of the clusters. The fundamental idea is to search a prototype that 
describes a group within the data and to make use of the rn to assign the data to the most 
effective one. In the compression view of K-Means, you will be able to consider the 
replacement of your actual datum xn with its prototype and then making an attempt to 
find out a situation in which that doesn’t seem so bad, i.e., that compression will not lose 
too much information if the prototype accurately reflects the group. 
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Methods for k-means clustering  

Let X = {x1,x2,x3,……..,xn} be the set of data values and V = {v1,v2,…….,vc} be the 
set of place.  

1) To select ‘c’ cluster place.  

2) Adjust the distance between each information mark and cluster place.  

3) Attach the data point to the cluster place whose pass from the cluster center is 
minimum of all the cluster place.  

4) Recollect the new cluster center using: where, ‘ci’ represents the number of data mark 
in i th cluster.  

5) Recollect the distance between each data mark and access new cluster place.  

6) If no data mark was changed then stop, otherwise repeat from step 3). 

 

5. Experimental Results 

 

 

Fig 2. Load Dataset 

 

Fig 3. Preporcessing 

 

Fig 4. Product Review 
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6. Conclusion 

 

We are currently focused on the analysis and estimation of early reviewers, though 
associate in nursing vital issue remains to be addressed, i.e., how to enhance product 
marketing by means of the early reviewers found. In future we are going to study this 
challenge in partnership with e-commerce firms with actual e-commerce events. 

We proposed here, the product review content is taken into account in terms of a 
contribution which is not merely a sales message to promote a product you love. Instead, 
a balanced product review will signify the execs and cons of a given product or service, 
helping the readers to find out whether or not it's the right one for them. 
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